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1
REAL-TIME BATTERY ESTIMATION

TECHNICAL FIELD

Various embodiments relate to an electric vehicle and a
method for estimating the state of a battery, specifically, esti-
mating in real-time, and using the battery estimation to con-
trol the vehicle systems in view of the battery state.

BACKGROUND

Hybrid electric vehicles (HEV) utilize a combination of an
internal combustion engine with an electric motor to provide
motive power. This arrangement provides improved fuel
economy over a vehicle that has only an internal combustion
engine. One method of improving the fuel economy ina HEV
is to shutdown the engine during times that the engine oper-
ates inefficiently, and is not otherwise needed to propel the
vehicle. In these situations, the electric motor is used to pro-
vide all of the power needed to propel the vehicle. When the
driver power demand increases such that the electric motor
can no longer provide enough power to meet the demand, or
in other cases such as when the battery state of charge (SOC)
drops below a certain level, the engine provides the motive
power for the vehicle.

The HEV includes a battery management system that esti-
mates values descriptive of the battery pack and/or battery
cell present operating conditions. The battery pack and/or cell
operating conditions include battery SOC, power fade, capac-
ity fade, and instantaneous available power. The battery man-
agement system should be capable of estimating values dur-
ing changing cell characteristics as cells age over the lifetime
of the pack. The precise estimation of some values may
improve performance and robustness, and may ultimately
lengthen the useful lifetime of the battery pack.

SUMMARY

A vehicle can include a traction battery including a plural-
ity of cells and at least one controller programmed to imple-
ment a state estimator. The state estimator can be configured
to output battery state based on internal resistance of the
traction battery and a system dynamics estimation of the
traction battery using discrete battery measurements of volt-
age and internal resistance, and operate the traction battery
according to output of the state estimator. In an example, the
system dynamics estimation applies a subspace identification
algorithm to approximate system matrices.

In an example, the controller uses the system matrices to
derive a current limit expression. The controller can output
battery current limits using estimated state variables and esti-
mated internal resistance. In an example, the computed inter-
nal resistance is estimated using battery current input during
atime period and the state variables being estimated from the
terminal voltage during the time period.

In an example, the controller can estimate the internal
resistance during a time period, identify a discrete state space
model by a subspace identification algorithm using a battery
current input profile and a battery terminal voltage profile
collected within a predefined time period, convert the discrete
model to continuous state space model, perform Eigende-
composition of the system matrix of the continuous model,
transform the state space model by the Eigendecomposition,
and derive analytic expressions for computing battery current
limits within a predefined time period.
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2

The controller can also determine whether additional bat-
tery model parameters need to be updated and if so repeat the
process for the additional battery model parameters.

In an example, a vehicle can include a at least one control-
ler programmed to identify a system dynamics model of the
traction battery using a battery input current profile and a
battery output voltage profile measured within a predefined
time period, transform the identified system dynamics model
to a state-space model having a diagonal system matrix con-
sisting of system Eigenvalues through the Eigendecomposi-
tion, estimate battery current limits and available power limits
from the transformed system dynamics model, and operate a
traction battery according to system dynamics model identi-
fied using estimated battery current limits and available
power limits.

In an example, the system dynamics model can include a
system dynamics matrix, an input matrix and an output
matrix. The system dynamics model can be identified using a
subspace identification algorithm. In an example, the sub-
space identification algorithm uses a voltage profile manipu-
lated by subtracting a voltage drop across a battery internal
resistance from the battery output voltage profile. The com-
puted internal resistance can be estimated using battery cur-
rent input profile during the predetermined time period and
the measured terminal voltage profile during the time period.

In the vehicle or controller, the system dynamics model is
updated in real time.

Various methods can be performed with the vehicle and
controller. In an example, a method for vehicle control
includes identifying a system dynamics model of a traction
battery using a battery input current profile and a battery
output voltage profile measured within a predefined time
period, transforming the identified system dynamics model to
a state-space model having a diagonal system matrix consist-
ing of system Eigenvalues through the Eigendecomposition,
estimating battery current limits and available power limits
from the transformed system dynamics model, and operating
the traction battery according to system dynamics model
identified using estimated battery current limits and available
power limits.

In an example, the step of identifying the system dynamics
model comprises identifying a system dynamics matrix, an
input matrix and an output matrix.

In an example, the step of identifying the system dynamics
model includes using a subspace identification algorithm

In an example, the step of identifying the system dynamics
model includes using a voltage profile manipulated by sub-
tracting a voltage drop across a battery internal resistance
from the battery output voltage profile.

In an example, the step of identifying the system dynamics
model includes estimating the computed internal resistance
using the battery current input profile during the predeter-
mined time period and the measured terminal voltage profile
during the time period.

In an example, the step of identifying the system dynamics
model includes identifying the system dynamics model in
real time.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 is a hybrid electric vehicle that can be used with the
described systems and methods.

FIG. 2 is a detailed view of the battery for a hybrid electric
vehicle.

FIG. 3 is a schematic of a system controller.

FIG. 4 is a flow chart of a method according to various
examples.
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FIG. 5 is a flow chart of a method according to various
examples.

FIGS. 6A-6D are various graphs of vehicle parameters,
actual and estimated according to an example.

FIGS. 7A-7B are various graphs of vehicle parameters,
actual and estimated according to an example.

FIGS. 8A-8B are various graphs of vehicle parameters,
actual and estimated according to an example.

FIG. 9 shows a schematic view of a computing device for a
vehicle.

DETAILED DESCRIPTION

Embodiments of the present disclosure are described
herein. It is to be understood, however, that the disclosed
embodiments are merely examples and other embodiments
can take various and alternative forms. The figures are not
necessarily to scale; some features could be exaggerated or
minimized to show details of particular components. There-
fore, specific structural and functional details disclosed
herein are not to be interpreted as limiting, but merely as a
representative basis for teaching one skilled in the art to
variously employ the present invention. As those of ordinary
skill in the art will understand, various features illustrated and
described with reference to any one of the figures can be
combined with features illustrated in one or more other fig-
ures to produce embodiments that are not explicitly illus-
trated or described. The combinations of features illustrated
provide representative embodiments for typical applications.
Various combinations and modifications of the features con-
sistent with the teachings of this disclosure, however, could
be desired for particular applications or implementations.

The embodiments of the present disclosure generally pro-
vide for a plurality of circuits or other electrical devices. All
references to the circuits and other electrical devices and the
functionality provided by each, are not intended to be limited
to encompassing only what is illustrated and described
herein. While particular labels may be assigned to the various
circuits or other electrical devices disclosed, such labels are
not intended to limit the scope of operation for the circuits and
the other electrical devices. Such circuits and other electrical
devices may be combined with each other and/or separated in
any manner based on the particular type of electrical imple-
mentation that is desired. It is recognized that any circuit or
other electrical device disclosed herein may include any num-
ber of microprocessors, integrated circuits, memory devices
(e.g., FLASH, random access memory (RAM), read only
memory (ROM), electrically programmable read only
memory (EPROM), electrically erasable programmable read
only memory (EEPROM), or other suitable variants thereof)
and software which co-act with one another to perform opera-
tion(s) disclosed herein. In addition, any one or more of the
electric devices may be configured to execute a computer-
program that is embodied in a non-transitory computer read-
able medium that is programmed to perform any number of
the functions as disclosed.

As an overview, the present disclosure describes systems
and methods to determine parameters of a traction battery and
to control a vehicle. At times direct measurement of the bat-
tery parameters cannot be performed. A battery system model
is used to estimate the battery parameters. The present dis-
closure describes various systems and methods to construct a
battery system model. Such a battery system model can be
used to identify parameters of the battery in real-time. More
specifically, examples of the present disclosure proposes an
approach for identifying the battery system through subspace
identification approaches combined with the separation of a
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pure dynamics part and a control throughput part to improve
the identification accuracy and to reduce the identified system
order. The obtained discrete state-space model is converted to
the continuous state-space model, which can then be used to
derive an expression for battery current limit computation.
Factorization, e.g., spectral decomposition or Eigendecom-
position, may then be used to process the continuous state-
space model and to derive a general expression for battery
current limit prediction.

An example includes using a subspace identification
approach to construct the battery system model. The subspace
identification method may provide some advantages, e.g.,
state vector x(k) and initial value x(0) can be found from the
measured data, a linear system order can be determined,
non-linear optimization is not required, and noise informa-
tion is not required. An additional benefit is that subspace
identification is less sensitive to the noise than other recursive
identification approaches, such as the Extended Kalman Fil-
ter (EKF) techniques. Moreover, identification performance
of the subspace identification is more robust than the EKF,
since noise effects are inherently identified. In contrast, noise
covariance matrices should be determined in the EKF to
achieve the desired identification performance.

FIG. 1 depicts an example of a hybrid-electric vehicle 102,
e.g., plug-in hybrid-electric vehicle. A plug-in hybrid-electric
vehicle 102 may comprise one or more electric motors 104
mechanically connected to a hybrid transmission 106. In
addition, the hybrid transmission 106 is mechanically con-
nected to an engine 108. The hybrid transmission 106 may
also be mechanically connected to a drive shaft 110 that is
mechanically connected to the wheels 112. The electric
motors 104 can provide torque to the wheels when the engine
108 is turned on. Electric motor 104 consumes electrical
energy, e.g., from a battery 114, to provide torque to propel
the vehicle 102. The electric motors 104 can provide decel-
eration capability when the engine 108 is turned off. The
electric motors 104 may be configured as generators and can
provide fuel economy benefits by recovering energy that
would normally be lost as heat in the friction braking system.
The electric motors 104 may also reduce pollutant emissions
since the hybrid electric vehicle 102 may be operated in
electric mode under certain conditions.

The traction battery or battery pack 114 stores energy that
can be used by the electric motors 104. A vehicle battery pack
114 typically provides a high voltage DC output. The battery
output is made in response to a battery power request, which
can be calculated from the feedforward battery power value as
a function of the driver power request and the engine power
request, which in turn can be based on the speed and torque
determinations. The battery pack 114 is electrically con-
nected to a power electronics module 116. The power elec-
tronics module 116 is also electrically connected to the elec-
tric motors 104 and provides the ability to bi-directionally
transfer energy between the battery pack 114 and the electric
motors 104. For example, a typical battery pack 14 may
provide a DC voltage while the electric motors 104 may
require a three-phase AC current to function. The power elec-
tronics module 116 may convert the DC voltage to a three-
phase AC current as required by the electric motors 104. In a
regenerative mode, the power electronics module 116 will
convert the three-phase AC current from the electric motors
104 acting as generators to the DC voltage required by the
battery pack 114. The methods described herein are equally
applicable to a pure electric vehicle or any other device using
a battery pack. The battery 114 can experience degradation
during certain uses of the vehicle. One use in which degrada-
tion occurs is storage at a high state of charge (SOC). Tem-
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perature can also be a factor in degradation Battery degrada-
tion is individualized for a specific type of battery. Battery
degradation can include the inability of a battery 114 to hold
a quantity of charge, e.g., less kW-hour or amp-hours are
stored in the battery 114.

In addition to providing energy for propulsion, the battery
114 (or battery pack) may provide energy for other vehicle
electrical systems. A typical system may include a DC/DC
converter module 118 that converts the high voltage DC out-
put of the battery pack 114 to a low voltage DC supply that is
compatible with other vehicle loads. Other high voltage
loads, such as compressors and electric heaters, may be con-
nected directly to the high-voltage bus from the battery pack
114. In a typical vehicle, the low voltage systems are electri-
cally connected to a 12V battery 120. An all-electric vehicle
may have a similar architecture but without the engine 108.

The battery pack 114 may be recharged by an external
power source 126. The battery charge storage status can be
measured as state of charge. The external power source 126
may provide AC or DC power to the vehicle 102 by electri-
cally connecting through a charge port 124. The charge port
124 may be any type of port configured to transfer power from
the external power source 126 to the vehicle 102. The charge
port 124 may be electrically connected to a power conversion
module 122. The power conversion module may condition
the power from the external power source 126 to provide the
proper voltage and current levels to the battery pack 114. In
some applications, the external power source 126 may be
configured to provide the proper voltage and current levels to
the battery pack 114 and the power conversion module 122
may not be necessary. The functions of the power conversion
module 122 may reside in the external power source 126 in
some applications. The vehicle engine, transmission, electric
motors, battery, power conversion and power electronics may
be controlled by a powertrain control module (PCM) 128.

In addition to illustrating a plug-in hybrid vehicle, FIG. 1
can illustrate a battery electric vehicle (BEV) if component
108 is removed. Likewise, FIG. 1 can illustrate a traditional
hybrid electric vehicle (HEV) or a power-split hybrid electric
vehicle if components 122, 124, and 126 are removed. FIG. 1
also illustrates the high voltage system which includes the
electric motor(s), the power electronics module 116, the
DC/DC converter module 118, the power conversion module
122, and the battery pack 114. The high voltage system and
battery pack includes high voltage components including bus
bars, connectors, high voltage wires, and circuit interrupt
devices.

Vehicle 100 further includes a display 130 that can show
data regarding the state of the vehicle, e.g., state of the elec-
trical system and battery 114, as well as vehicle use/non-use
data. A data generator 135 can be connected to the display to
compute and organize the data for the display 130. In an
example, the display 130 can show the battery state as esti-
mated or determined as described herein.

The individual battery cells within a battery pack may be
constructed from a variety of chemical formulations. Typical
battery pack chemistries may include but are not limited to
lead acid, nickel cadmium (NiCd), nickel-metal hydride
(NIMH), Lithium-Ion or Lithium-Ion polymer. FIG. 2 shows
a typical battery pack 200 in a simple series configuration of
N battery cell modules 202. The battery cell modules 202 may
contain a single battery cell or multiple battery cells electri-
cally connected in parallel. The battery pack, however, may
be composed of any number of individual battery cells and
battery cell modules connected in series or parallel or some
combination thereof. A typical system may have one or more
controllers, such as a Battery Control Module (BCM) 208 that
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monitors and controls the performance of the battery pack
200. The BCM 208 may monitor several battery pack level
characteristics such as pack current measured by a current
sensor 206, pack voltage 210 and pack temperature 212. The
performance of the current sensor 206 may be essential, in
certain arrangements, to build a reliable battery monitoring
system. The accuracy of the current sensor may be useful to
estimate the battery state of charge and capacity. A current
sensor may utilize a variety of methods based on physical
principles to detect the current including a Hall effect IC
sensor, a transformer or current clamp, a resistor in which the
voltage is directly proportional to the current through it, fiber
optics using an interferometer to measure the phase change in
the light produced by a magnetic field, or a Rogowski coil. In
the event a battery cell is charging or discharging such that the
current entering or exiting the battery cell exceeds a thresh-
old, the battery control module may disconnect the battery
cell via the use of a circuit interrupt device (CID) such as a
fuse or circuit breaker.

In addition to the pack level characteristics, there may be
battery cell level characteristics that need to be measured and
monitored. For example, the terminal voltage, current, and
temperature of each cell may be measured. A system may use
a sensor module 204 to measure the characteristics of one or
more battery cell modules 202. The characteristics may
include battery cell voltage, temperature, age, number of
charge/discharge cycles, etc. Typically, a sensor module will
measure battery cell voltage. Battery cell voltage may be
voltage of a single battery or of a group of batteries electri-
cally connected in parallel or in series. The battery pack 200
may utilize up to N, sensor modules 204 to measure the
characteristics of all the battery cells 202. Each sensor mod-
ule 204 may transfer the measurements to the BCM 208 for
further processing and coordination. The sensor module 204
may transfer signals in analog or digital form to the BCM 208.
The battery pack 200 may also contain a battery distribution
module (BDM) 214 which controls the flow of current into
and out of the battery pack 200.

FIG. 3 shows a schematic 300 of parameter estimation. A
current 1 301 is supplied to the battery which results in a
reference voltage v,,303. The reference voltage v,,..303 is
the actual reference voltage at the battery. The current 301 is
also supplied into the identified model of battery 310, which
can be identified using the methods described herein, to out-
put an estimated voltage ¥ 313. The estimated voltage 313 can
be used in control schemes for the vehicle as it represents the
estimated value at a certain condition of the vehicle. The
identified model 310 can be stored in memory onboard the
vehicle and be used in computations, e.g., in a module or
processor, to estimate the state of the battery 114. For
example, the model 310 can determine estimated battery cur-
rent limits and available power limits.

FIG. 4 shows a method flow 400 of an embodiment for
battery parameter estimation. At 401, a system dynamics
model of a traction battery is identified using a battery input
current profile and a battery output voltage profile measured
within a time period. The time period can be set to a small
value, e.g., 100 microseconds or a multiple of 100 microsec-
onds. The time period can also be set to a time when the
battery is not supplying current to move the vehicle or not
move or power the vehicle. The time period can also be set to
when the battery is not being charged. At 403, the identified
system dynamics model is transformed to a state-space model
appropriate to derive explicit expressions for battery current
limit prediction. In an example, the state space model has a
diagonal system matrix consisting essentially of system
Eigenvalues through the Eigendecomposition. At 405, the
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system can estimate battery current limits and available
power limits using the transformed system dynamics model.
At 407, the vehicle controller(s) can operate the traction bat-
tery according to system dynamics model identified using
estimated battery current limits and available power limits.

FIG. 5 shows a method flow 500 of an embodiment for
battery parameter estimation. At 501, the internal resistance
of'the battery R, is estimated. R , can be estimated from the N
data obtained during the previous time window. The previous
time window can be set to a time period during which the
battery parameters need not be updated and can be based on
prior test data of the vehicle or based on vehicle use history. In
an example, the estimation of R, can be

M

L
. = ) =i/ G = i-1)s B # i1
Ho=Ry=D= NkZ::J

0, i =t

where v=v,-v,_, with v, being the battery terminal voltage
and v, being the open circuit voltage. The battery system
output can then be represented by

V=V,~V,_ .~ Roi , the state space model is expressed as

x(kt1)=A 3 (k) B (k) @

Yk)=Cax(k) 3

At 503, a numerical algorithm for subspace state space
system identification (N4SID) can then be applied. Other
subspace identification algorithms may be used, and an
N4SID is used for exemplify a subspace identification algo-
rithm. An N4SID can estimate an n, order state-space model
using measured input-output data. Example equations for this
algorithm as applied to the present battery state determination
are

Ugji-1 Ugjit 4
Z; = ;\2;71/ Uppict |= (L L L) Ui
Yoji-1 Yoi-1
Uoji (5)
Zisy = Yirapiot [ | Userp
Yoii
where (6)

A/B=AB (BB 'B.

where L,!, L%, and L,? are i-by-j matrices computed using
equation (6).

where
Uy Uy Uy U1 (7a)
1238 Uz U3 uj
Ugji-1 = . .
Uil W Uil ... Higj2
Ui Uil Ui Uit j-1 (7b)
Uiyl  Uiy2 Uiy3 Uit j
Uipi-1 =
triol U2 M2ivl .- Uitj2
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-continued
Yo Y1 )2 Yj-1 (8a)
yioy2 Vs i
YO\[—I = . . .
Yiel Yi Vvl e Virj2
Yio Vil Viv2 Yirj-1 (8b)
Yirl  Yit2  Yis3 Yivj
Yipi-1 = . . :
Y2i-1 Y2i o Ya2itl - Yoivj-2

The row space of A/B is equal to the projection of the row
space of A onto the row space of B.

At 505, a singular value decomposition may be conducted,
but not limited to, by the following procedure.

Singular value decomposition is conducted as

®

Ugji-1
L L )( v

>0
] =(U, Up)| & v
0li-1 0 0
where ' =U,> "2 and I',_,=U, > "2
System matrices are computed from

(r‘tlziﬂ]_([(u ] ( [z ]+(P1]
Yii Ky Uipi-1 P2

Matrices of the identified discrete state space model are
determined as A ~K,,, B,=K,, and C,, D, are from K, and
K,,, respectively.

In another example, the matrices can be determined via a
different N4SID algorithm, e.g., an approximation solution.
Firstly the states X, and X,,, are determines, e.g., using the
following equations:

K
K»n

10

(11a)

_ Ui
%=1 r?)( o ‘]

Yoji-1

- Uoji (11b)
X1 = r?ﬂ( ri1+1 ri3+l )( ! ]
Yoji

Then the least squares solution is applied

(XM]_[ZM 1:12]_( X;]+(P1]
Yy Ly Lp) \Uu) \£2

At 507, the matrices can be approximated as follows:

(Ad Bd]_ Ly Lp
Ca D) Ly In

Thus, the state-space matrices A ;, B,;, C, and D, are now
identified. From these the expression of the current limit from
the battery can be identified.

At 509, the discrete state-space matrices are converted to
continuous matrices.

(12

a3
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From the continuous state-space expression
F=Ax+Bu
y=Cx+Du’ (14)

the discrete model is expressed as

X1 = (I + AADX, + BAruy, (15)
= Agxy + Byuy
Vi = Cxy + Dy
= Cyxy + Dyuy

From the identified A ;, B,,, C,, and D, a continuous state-
space model is derived as

A=(4,~D/At, B=B At , C=C,, and D=D.

Once converted to continuous form, Eigendecomposition
is performed, at 511. The equation for Eigendecomposition
can be

4=0407, 16)

where Q is the nxn matrix whose i-th column is the basis
Eigen vector q,. A is the diagonal matrix whose diagonal
elements are corresponding Eigenvalues.

The transformed state vector expressed by the Eigenvec-
tors is computed by ¥=Q' x.

At 513, the transformed state-space matrices are deter-
mined by

A=A (17a)
B=0'B (17b)
c=co (17¢)
b=bD (17d)
where (18)

A 0O 0

0
A=|: A

0
0 e 002,

Now that the transformed state-space matrices are set, the
battery model is identified, e.g., at 515. This can be done with
the following equations

% =A%+ Biu (192)

y= Z 61,,‘56; + Du (19b)

where y=v,_.~v, =v,+V, and u=i.
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As aresult and at 515, the battery current limits during the
time duration t=t, can be computed by

L N (20)
Lt
Voc = Viim — E CiiXipe i'd
;

i=

n

. B;
Ro - E Cri(l —efk"'d)/\—'_l

i

where v, is the battery voltage limit. v,,=v,, (battery
lower voltage limit) for discharging, and v,,,=v,, (battery
upper voltage limit) for charging.

When n=2, the equation is expressed as

P At P —Ant 21
Voe = Viim — C11%106 14 = CiaXp 067724 @b

B
A2

i=

A B .
Ro = Cuu(l—eMia) == = 8y (1 —e2k)
1

The power limit can be calculated by the following for the
charge state and the discharge state of the battery:

P =iV,

min' ¥ ub

Plim:‘lmax‘Vlb,

where P, is the power capability, v, is the battery upper
voltage limit, and i,,,, is the absolute minimum current. In the
discharge state, i,,,, is the maximum current that can be
drawn from the battery. Thus the system may calculate the
battery instantaneous power capabilities during a charge
event or discharge event.

At 517, the decision whether the battery model parameters
need to be updated is made. This can be decision can be
triggered based on time since the last update. In another
example, the vehicle condition or use can be used to trigger
the update.

FIG. 6A shows a graph of battery current input into the
battery as a function of time with amps on the y-axis and time
on the x-axis.

FIG. 6B show graph of battery terminal voltage at the
battery as a function of time with volts on the y-axis and time
on the x-axis.

FIG. 6C shows a graph of estimated internal battery state X,
in the battery as a function of time with volts on the y-axis and
time on the x-axis.

FIG. 6D shows a graph of estimated internal battery state %>
in the battery as a function of time with volts on the y-axis and
time on the x-axis.

FIG. 7A shows a graph of battery input current as a func-
tion of time.

FIG. 7B shows a graph of battery voltage, as both v, .and
a model voltage v_ref=v_t—v_oc-R_0%*i. The label of y axis
in FIG. 7B is v_t-v_oc-R_0*i.__ as a function of time. As
shown the model voltage, shown in dashed line, closely fol-
lows the reference voltage v, . For example, the Y scale is not
large enough to show the identified battery model to be dif-
ferent than the reference signal.

FIG. 8 A shows a graph of the calculated battery maximum
discharge current as a function of time. This calculation is
performed using the structures and methods described herein.
This graph and its underlying data can be used to control
operation of a vehicle, e.g., an HEV 102.

FIG. 8B shows a graph of the calculated battery maximum
charge current as a function of time. This calculation is per-
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formed using the structures and methods described herein.
This graph and its underlying data can be used to control
operation of a vehicle, e.g., an HEV 102.

FIG. 9 shows a diagrammatic representation of machine in
the example form of a computer system 900 within which a
set of instructions may be executed causing the machine to
perform any one or more of the methods, processes, opera-
tions, or methodologies discussed herein. The HEV 102 can
operate on one or more computer systems 900. The HEV 102
can include the functionality of one or more computer sys-
tems 900 or parts of the computer system 900.

In an example embodiment, the machine operates as a
standalone device or may be connected (e.g., networked) to
other machines. In a networked deployment, the machine
may operate in the capacity of a server or a client machine in
server-client network environment, or as a peer machine in a
peer-to-peer (or distributed) network environment. The
machine may be similar to or includes components of a server
computer, a client computer, a personal computer (PC), a
tablet PC, a set-top box (STB), a Personal Digital Assistant
(PDA), a cellular telephone, a web appliance, a network
router, switch or bridge, or any machine capable of executing
a set of instructions (sequential or otherwise) that specify
actions to be taken by that machine. Further, while only a
single machine is illustrated, the term “machine” shall also be
taken to include any collection of machines that individually
or jointly execute a set (or multiple sets) of instructions to
perform any one or more of the methodologies discussed
herein.

The example computer system 900 includes at least one
processor 902 (e.g., a central processing unit (CPU) a graph-
ics processing unit (GPU), auxiliary processors or combina-
tions thereof), a main memory 908 and a static memory 914,
which communicate with each other via a bus 928. The com-
puter system 900 may further include a video display 906
(e.g., a liquid crystal display (LCD), light emitting diode
(LED) or a cathode ray tube (CRT)). The display 906 can be
on the vehicle driver instrument panel or otherwise mounted
in the vehicle. The computer system 900 also includes an
alphanumeric input device 912 (e.g., a keyboard or touchpad
presenting a keyboard), a cursor control device 916 (e.g., a
mouse, touch screen, joystick, track pad or the like), a drive
unit 920, a signal generation device 926 (e.g., a speaker, horn
or tone generator) and a network interface device 918.

The drive unit 920 includes a machine-readable medium
922 on which is stored one or more sets of instructions 910
(e.g., software) embodying any one or more of the method-
ologies or functions described herein. The instructions 910
may also reside, completely or at least partially, within the
main memory 904 and/or within the processor 902 during
execution thereof by the computer system 900. The main
memory 908 and the processor 902 also constituting
machine-readable media.

The software, e.g., instructions 910, may further be trans-
mitted or received over a network 924 via the network inter-
face device 918 via communication protocols that can code
and decode data for transmission. The software instructions
910 can also be communicated over the bus 928.

While the machine-readable medium, e.g., element 922, is
shown in an example embodiment to be a single medium, the
term “machine-readable medium” should be taken to include
a single medium or multiple media (e.g., a centralized or
distributed database, and/or associated caches and servers)
that store the one or more sets of instructions. The term
“machine-readable medium” shall also be taken to include
any medium that is capable of storing, encoding or carrying a
set of instructions for execution by the machine and that cause
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the machine to perform any one or more of the methodologies
of'the embodiments of the present invention. Such media can
include tangible media. The term “machine-readable
medium” shall accordingly be taken to include, but not be
limited to, buses, tangible carrier wave signals, solid-state
memories, and optical and magnetic media

In electrified vehicle applications, power capability predic-
tion in real-time is important for preventing battery damage
and failure modes caused by overcharging and over-discharg-
ing. A battery can be modeled to allow battery management
system, e.g., the vehicle processors, circuitry, modules or
controller, to reduce the likelihood of damage or failure. A
battery management system in electrified vehicle applica-
tions, such as Electric Vehicle (EV), Plug-in Hybrid Electric
Vehicle (PHEV), and Full Hybrid Electric Vehicle (FHEV)
may use battery model identification. However, the battery
model identification needs not to be continuously executed,
since the model parameter change is not so fast continuously.
Thus, if the battery model identification can be executed on
demand. However, the identification process should be done
within a short period and in real-time once started, so that
simpler and more efficient computational schemes can be
used as the process is carried out on the vehicle. The present
disclosure describes an approach for identifying the battery
system through subspace identification approaches.

The battery model identification as described herein uses
using state space identification (SSID). However, if the bat-
tery voltage data are directly used for the SSID, the order of
the identified system tends to be higher to reproduce the
original battery response. As described herein the battery
system dynamics can be expressed without throughput of the
current. Battery system can be modeled including an internal
resistance R, which is typically represented as D matrix that
is not used in SSID. By extracting this from the system
response for SSID, it is believed that the system model can be
identified with a simpler from and improved accuracy. As a
result, the identification problem is separated into two parts:
R, estimation and system dynamics estimation.

While exemplary embodiments are described above, it is
not intended that these embodiments describe all possible
forms of the invention. Rather, the words used in the specifi-
cation are words of description rather than limitation, and it is
understood that various changes may be made without depart-
ing from the spirit and scope of the invention. Additionally,
the features of various implementing embodiments may be
combined to form further embodiments of the invention.

What is claimed is:

1. A vehicle comprising:

a traction battery including a plurality of cells; and

at least one controller programmed to operate the traction

battery according to battery current and available power
limits from a state-space model derived by Eigendecom-
posing a system dynamics model of the traction battery
having a diagonal system matrix of system Eigenvalues
and identified via a battery input current profile and a
battery output voltage profile measured within a pre-
defined time period.

2. The vehicle of claim 1 wherein the system dynamics
model comprises a system dynamics matrix, an input matrix
and an output matrix.

3. The vehicle of claim 2 wherein the system dynamics
model is updated in real time.

4. The vehicle of claim 1 wherein the system dynamics
model is identified using a subspace identification algorithm.
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5. The vehicle of claim 4 wherein the subspace identifica-
tion algorithm uses a voltage profile manipulated by subtract-
ing a voltage drop across a battery internal resistance from the
battery output voltage profile.

6. The vehicle of claim 5 wherein a computed internal
resistance is estimated using the battery input current profile
during a time period and measured battery output voltage
profile during the time period.

7. A method for vehicle control comprising:

identifying a system dynamics model of a traction battery

using a battery input current profile and a battery output
voltage profile measured within a time period;
transforming the identified system dynamics model to a
state-space model having a diagonal system matrix of
system Eigenvalues through Eigendecomposition;

estimating a battery current limit and an available power
limit from the state space model; and

operating the traction battery according to the estimated

battery current limit and available power limit.

14

8. The method of claim 7 wherein identifying the system
dynamics model comprises identifying a system dynamics
matrix, an input matrix and an output matrix.

9. The method of claim 7 wherein identifying the system
dynamics model includes using a subspace identification
algorithm.

10. The method of claim 9 wherein identifying the system
dynamics model includes using a voltage profile manipulated
by subtracting a voltage drop across a battery internal resis-
tance from the battery output voltage profile.

11. The method of claim 10 wherein identifying the system
dynamics model includes estimating the internal resistance
using the battery current input profile during a time period and
measured terminal voltage profile during the time period.

12. The method of claim 7 wherein identifying the system
dynamics model includes identifying the system dynamics
model in real time.



